Linear and non- Imear classifiers
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PROCEDURE LinearLearner ( E, eta )
e E : set of examples, each of the form <X1, X2, X3, .., Y>
e eta : learning rate.

initialize w@,..,wn randomly
REPEAT
FOR EACH example e in E DO
Ycap :=Y; wi * Xi(e)
delta := Y(e) - Ycap
update := eta * delta
FOR EACH wi DO
wi := wi + update * Xi(e)
UNTIL some stop criteria is true
RETURN w@,...,wn
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Cats? Celebrity? Comedy? Food? Watch?
el True False False True Yes
e2 True True True False No
e3 False False True False Yes
e4 True False False False Yes
e5 True False True False No
e6 True False False True Yes
e7 False False True True Yes
e8 True True True True No
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PROCEDURE LogisticRegression ( E, eta )

e E : set of examples, each of the form <X1, X2, X3, .., Y>
oY is in {0,1}

e eta : learning rate.

initialize w@,..,wn randomly
REPEAT
FOR EACH example e in E DO
p = sig( %, wi * Xi(e) )
delta := Y(e) - p
update := eta * delta * p * (1 - p)
FOR EACH wi DO
wi := wi + update * Xi(e)
UNTIL some stop criteria is true
RETURN w@,...,wn

Cats? Celebrity? Comedy? Food? Watch?

el True False False True Yes Y(c Sj W, + Wy (a s(z) waei&LrJ (C)
e2 True True True False No s Cowc(y (z,)
e3 False False True False Yes ¢y Food Cc)
e4 True False False False Yes
e5 True False True False No
e6 True False False True Yes
e7 False False True True Yes
e8 True True True True No

New Section 1 Page 5



Examrple (D
<X’L , X’L /Y§ .. Xm> Y&{Ca[/ , Aij , Aomv{"j
N ={%67

i Acador aviables

T{ob\h&ckl.
oy ={TFT
\I/o(pm/L Z(T’ F}
@/‘0/
o - i fox >&
S/kP lﬁw O)/(an : FCY) (9] éﬂeuﬂ«/\fc.

A/

foe.
© 4
® ?gt/ ce ’04'!/01/)

osenblabt
Frank Rosen b o g(gw‘.y,)

'58 "(Perceptrons) are the embryo of an electronic computer that will be able to talk, see, write, translate languages
and reproduce itself and be conscious of its existence."
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